Moderate Memory Activation Leads to Forgetting in the Think-No Think Paradigm
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.. . . . : Our goal here was to use neural activity elicited by cues during the no-think phase 10 . _ :
Key prediction: Forgetting of no-think items will happen to predict subsequent memory for the associated item Preliminary results from the curve-fitting analysis

0.9 ‘ support the nonmonotonic plasticity hypothesis:

Think > Baseline > No Think 0.8
but Think vs. Baseline and 0.7 Moderate levels of memory activation during the

0.6 BN _ no-think phase were associated with forgetting.

Hypothesis: the
relationship
between memory
activation and
learning is
nonmonotonic

when the associate activates to a moderate degree

Each no-think cue (e.g., nickel) appeared 12 times during the no-think phase

Failures to see forgetting of no-think items can be explained in terms of the

. o Each of those 12 no-think trials was a separate learning opportunity No Think vs. Baseline
associate activating too much or not enough

differences were not
For each pair assigned to the no-think condition, we want to use neural data from significant
that pair’s 12 no-think trials to predict that pair’s recall on the final test
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Use this covert neural measure (taken during no-think trials) to predict recall of the "I EXAMPLE (NOT REAL DATA) | 0.1 But: This is still a work in progress. More analyses

item on the final memory test If we assume a
particular shape for

: : the plasticity curve,
If a memory does not activate, nothing happens we can PREDICT

Paradigm and Experimental Logic

Higher levels of memory activation during the
no-think phase were associated with improved
memory

Subsequent accessibility
Worse Same Better

Strategy for testing this prediction: Use fMRI pattern classifiers to read out
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ofSielis retrieval of the associate during no-think trials
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0.0 are needed to assess the robustness of these findings.

If a memory is strongly retrieved, it gets strengthened . . .
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(for a particular pair)

Change in Memory Strength

If a memory activates to a moderate degree, it gets weakened o o ey
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between-subject differences in curve shape.

Puzzle: What factors account for variability in the size of the forgetting effect? and scene recall. score.



